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> colnames(dative)

> ?dative
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> rpart /N — @ rpart()BEE & fiE - T Figure 5.14 @ X 5 72X 2T %,

> library(rpart)
> dative.rp = rpart(RealizationOfRecipient ~ ., data = dative[ , -c(1, 3)])
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> [EEt e 7 ey 95,

> plot(dative.rp, compress = T, branch =1, margin = 0.1)
> text(dative.rp, use.n =T, pretty = 0)

v ousen & TIZERET H &, BENTAIND, pretty Z 02T 5D, EEAERRTD
728,
v O EREEEENZ VO T, 3 X MEMEEEEAN Y (cost-complexity pruning) & > TEIE A 1T 9,
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> plotcp(dative.rp)
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cost-complexity pruning TO—fXHI72F DXV 1%, sk v T CTRLAEDSEZTET S
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MEWEIC cp=0.41 ZJEUEL LT prune () TH - T, 6 DDEZFET Z LT 5,

> dative.rpl = prune(dative.rp, cp = 0.041)
> plot(dative.rpl, compress = T, branch = 1, margin = 0.1)
> text(dative.rpl, use.n = T, pretty = 0)
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> dative.rpl
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> ENLKBWERICTHINATE TWSEEAS I H, CART O THIME & BLANME %t 4 5,
predict()Z vy, dative.rpl IZASAH S LTV D ET LT TR,

> head(predict(dative.rpl))

AT LT=BATITHERIZIR > TRV 3T b, ZOHAIENP EPPO2BY B H 5,
> FEHELRDOIFIREWVED NP, 0.5 XY K& iFHiE TRUE(NP), /N & i3 ALiE FALSE(PP),

> choicelsNP = predict(dative.rpl)[ ,1] >=0.5
> choicelsNP[1:6]

>  FEEEOfE NP, PP & . TRUE, FALSE N&ET 50, o=~ M a2HT 5,

> preds = data.frame(obs = dative$RealizationOfRecipient, choicelsNP)
> head(preds)

> 7 uREFRIZTD

> xtabs ( ~ obs + choicelsNP, data = preds)
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> bbb EDHRLERTARD

> xtabs ( ~ RealizationOfRecipient, dative)
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