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4. A numerical vector and a factor: analysis of variance
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Ratings O —% 7 L—ADH D mean familiarity &iED Class % 2.5

> ratings[1:5, c("Word", "meanFamiliarity", "Class")]

One-way analysis of variance (—JtELE 3 E4IHT)
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> summary(Im(meanFamiliarity ~ Class, data = ratings))
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> — X 7 L— AT treatment dummy codes % B (FETOH)
Classplant &5 X7 ~LOHIZ, plant [Z 1, animal (20 &9 dummy codes Z B
> dummy = ratings[, c("Word", "meanFamiliarity", "Class")]
> dummy$Classplant = 1
> dummy[dummy$Class = = "animal", ]$Classplant = 0

> dummyl1:5, ]
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> summary(Im(meanFamiliarity ~ Classplant, data = dummy))

FEFDOF © intercept 1 default D/KE animal OFEEY) (familiarity OF-1)
> mean(ratings[ratings$Class = = "animal", ]$meanFamiliarity)

> coef(ratings.lm)[1]
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Plant % # 345 OFEFE: 3.5122 (animal @ F-#))+0.8547=4.3669

t REIL, 0.8547 BFHHMNIHE TH D Z L AR LTV DH - 2 MO EHITITHEENH S
* T2 THROLN tiE, pfEIX plant & animal @ familiarity rating D38 EZE LW EH D t R
EDE LR TH D,

> t.test(animals$meanFamiliarity, plants$meanFamiliarity, var.equal = TRUE)
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> head(auxiliaries)
AUX: #hEalZ k9 272 58 TRl x4 % auxiliary
2 SO auxiliary: ziin (“be”), hebben(“have”)
VerbSynsets: WordNet ®HC & 2 @i 23 HEL L TV 5 EE O synset DK

Regularity: regular vs. irregular
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> auxiliaries.Im = Im(VerbalSynsets ~ Aux, data = auxiliaries)
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> anova(auxiliaries.lm)
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> summary(auxiliaries.lm)

* summary & 9
Default(reference level) X hebben T& % & H#EH
3.4670= hebben DRE -1
0.5997=hebben & zijn DI D7E— zijn D Y-15)=3.4670+0.5997
1.6020=hebben & zijnheb DFEN-YJ D 75— zijnheb D -1 =13.4670+1.6020
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